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Loarning | Understand the important detids sbout deep newrsl natwecks and get to
[

OQ MaBnolakd AnoteAeopata e

Kata tn Stdpkela tou mpwtou e€apnvou, ot etaipol tn¢ kowomnpatiac MACHINA ocuykévipwooav otolxeia
OXETIKA HE TIC amaltnoelg o deflotnte¢ Mnxavikng Mabnong (ML) kot kaBoploav ta padnolakad
QTTOTEAECHOTA TIOU OTTOTEAOUV TOV OKEAETO TOU TIPOYPAMUOTOC OTIOUSWV TIOU avamtuooel to €pyo. O
KaBoplopog Toug mpaypatonoliOnke otn Paocn tng avaiuvong dedouévwy amo TNV eupwrmaikn ayopd
epyaociag. s
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EFEMACHINA

H kowomnpaio cuyKEVTPWOE:
* 154 epwTtnUATOAOYLQ, MACHINA

* 59 nepypadéc BEoswv epyaciag mouv oxetilovral pe to ML,
Definition of MACHINA learning
* 55 T[pOO'CI)OpEC Kataptong, outcomes based on training needs

analysis (01-T4-b)

e 28 MEPUTTWOELC Xpriong tou ML,

Output type: Intellectual Output

* 15 MEPUTTWOELG OXETIKWVY APOPWV Kol LEAETWV KoL

e 14 ¢pya tn¢ EE mou oxetilovtal pe 1o ML. UCBL

February 2021

* JTO MOPOKATW OUVOECUO UTIOPELTE VA OELTE TO report e TNV AEMTOUEPH TTAPOUCLOON TWV HOBNOLAKWY
QTOTEAECUATWY


https://machina.univ-lyon1.fr/wp-content/uploads/2021/03/Final-MACHINA_O1_T4_b_Definition-of-MACHINA_-learning-outcomes_2021-03-1-5.pdf

MACHINA Meplypappa MNpoypapuuatoc Zrmouvdwv

Ma6nolakn
Evotnta 1:
BaoKEG
€VVOLEG TNG
Mnxavikig
MaBnong yia
EmayyeApartieg
TNE (ENEN-5)

Mabnua 1: Elcaywyn otnv Mnxavik Maénon Ma6nctakn MaBnua 1: ZUvoAa, ZuvapTnoELg, ZXECELG

Evotnta 2:
MaBnuatikes  pMaOnua 2: Mpapukr AlveBpa

MaBnpua 2: NMou edpappoletatl n Mnxaviky Madnon Bdoeig

(ENEN-5) Mabnua 3: Oswpia MBavotitwy

MaBnua 3: Mnxaviky Mabnon kot Eme€epyaoia

MaOnua 5: Oswpia Yrtodoylopou

Agbopgvwv Maonua 4: IToTIoTIKA
Mabfnua 4: MNapadsiypata Epappoywv Mnxavikng
MaBnonc
Ma6notakn MaOnua 1: Mnxaviky Madnon pe Mpappikd Movtéla
Evotnta 3:
AAy6pBpot MaBnpua 2: AAyopiBpol Mabnonc pe EnipAedn
MnXavikig , ) , ) )
M&6nonc, MaOnua 3: AAyoplBuol Mabnong Xwpig emifAedn
I:Io;::)vpauuata Mabnua 4: MaBnon pe nui-enifAedn
?PNT()K?MG MaBnua 5: BéAtloteg Npaktikeg Mnxavikng Madnong
EMEN-5

MaOnua 6: Nwooeg Mpoypappoatiopol kot MAaiola yia

I = a1~



MACHINA MNpoypappo 2rovdwv

Mabnowakn
Evotnta 5:
Erukowvwvia twv
MAgovekTnuATwy,
MNpokARoswv,
EMuMTwoswyv ¢
Texvoloyiag
Mnxavikng
Mabnong otoug
MeAAteg KO TOV
i6Lo tov
OpPYQVLOHO

(ENEN-5)

Mabnua 1: Etocaywyr oTnv EMKOWVWVLO KAl TN
OUMUETOXN Tou ML

MaBnua 2: Tomol, Entineda, Zuotatikd tng
QTIOTEAECUATIKAG ETILKOLVWVLAC KoL TPOTTOL

XPAONG TNG LNXAVLIKAG LABNONG OTLC ETILKOWVWVIEC

MaBnua 3: To LEAAOV TNG ETILKOLVWVLOLC
ocupdwva pe tnv Texvnty Nonpoouvn

Mabnua 4: OL EMUTTWOELG TNE TEXVNTNC
VONUOOUVNG OTNV ETLKOWVWVIA

Mabnua 5: O podog tng Akpodaong otnv
Ernwowvwvia

Mabnowakn
Evotnta 4:
BaOwa
Ma6bnon
(Npoxwpnué-
vo) (ENEN-5)

MaOnua 1: MoAvotpwpatiko Perceptron (MLP)
MaOnua 2: ZuveAlktiko Neuptko Aiktuo (CNN)

Mabnua 3: Emavaiappfavopevo Nevplko Aiktuo
(RNN)

MaOnua 4: Autokwdikomolnteg (Ae) kait
Meploplopévec Mnxavec Boltzmann (RBM)

MaOnowakn
Evotnta 6:
NopoOeoia,
Aeovtoloyia,
Awaxeiplon
£PYOU OXETIKO
ME ™
Mnxavikn
Ma6non
(EMNEN-6)

MaBnua 1: Odnyiec tng E.E. yla tnv Asovtoloyia
otnv Mnyoavikn Mabnon

MaBnua 2: Movtélo aflag/kootoug Sedopuévwy

Mabnua 3: MepoAnyia otnv Mnyavikn Mabnon

Mabnua 4: Mnxavik AoylopkoU yLo eHapUOYEGS
Texvntnc Nonpoouvng



Exkmaitdeutikol MNopol

History of Machine Learning

Turing test Neural Network
G 1952 l w57 ) (B) | 1%
Samuel

H MaBnowakni Evotnta 1 anoteAsitol ano:
13 oeAibec onpelwoewv

66 SladAVELEC TTAPOUCLACEWVY

Driven by data
approaches

10 EpWTNOELC KOL ATIOVTIOELC

2 LEAETEC TTEPUTTWOEWVY

2 QOKNAOELG

10 epwtnoelg moAAammAn G emAoynG MdaBnpa 1.1: Eloaywyr otnv Mnxavik Mdnon

AN NN N SN

Mo tnv MaBnotlakn Evotnta 2 avomtuxdnkayv:

CARTESIAN PRODUCT

For every set A and B we define the cartesian product as

v' 13 0e\bEC ONUELWOEWY

A X B, i.e.the set of all couples {a,b} where element a belongs to A

66 SLadpAVELEC TTOPOUCLACEWV

and b belongs to B

1 2 3B

10 EpWTACELC KOLL OTTAVTHOELG

2 UEAETEC TTE L A"x“ ®1) (2 (x3)
M G TIEPUTTWOEWV | .
v 0l 02 0.3)

2 QOKNOELG

zj z1) | (22 | (z3)

DN NI N NN

10 epwtAoelg MOAAATTARC ETUAOYNAC
MabBnua 2.2: JUvoAa, ZUVOPTAOCELG, IXECELG



Exkmaideutikol MNopol

H MaOnowakn Evotnta 3 £xel:

SN N N NN

19 oeAibec onpelwoewv

131 Stadavelec mapouoLAcCEWV
15 EpWTNOELC KAL QTTOVTHOELG

2 LEAETEC MEPUTTWOEWV

3 QOKAOELC

15 epwtnoelg moANATTANG ETULAOYNG

Classification

+ Classification is the task used to predict an output label for a given
input example.
+ Example of classification
+ Classification of defective components
+ Fraud Detection
+ face recognition
+ Handwriting recognition 3“1’ 8 l %

3
HBl%
3i81s

MaBnua 3.1: Mnxaviki Mabnon e Npappikd Movtéla

Mo tnv Mabnowaki Evotnta 4 dnpovpynbnkav:
24 0e\lOEC ONUELWOEWY

66 SLadhAVELEC TTOPOUCLACEWV

18 epWTACELG KOLL ATIOLVTAOELC

2 LEAETEG TIEPUTTWOEWV

2 QOKNOELC

NANENENENR

15 epwtnoelg moANATTANG ETLAOYNG

PERCEPTRON n

weights
inputs neurone
X w,
J : .
— activation
functon
X Wy, }\ net input
¢ > s net;
—— 9
= = B
Y Wy, )/ activation
transfer
H H function
0,
Xy oW, /
J] threshold
To have a classifier or a non-linear regressor the activation function has to be a non
~linear function, usually a sigmoid function. The transfer function is a linear
combination of inputs and weights.

Mabnua 4.1: NoAvotpwpatiko Perceptron (MLP)



Ekmaideutikol MNopol

H Ma®nowakn Evotnta 5 anoteAsital amno:

AN N NN SR

YeAibec onuelwoswy
AlodpAvVELEC TOPOUCLACEWV
EpWINOCELG KL OTTAVTI OELG
MeA€tec MNepumtwoswv
AOKNOELC

Epwtnoelg moAAamAwy emAOYwV

Communication and
machine learning at
the workplace

he most inf fluential factor in
Although Al appears most
on between

MaOnua 5.4: Ot EMUMTWOELS TNG TEXVNTAC VONUOCOUVNG OTNV
ETUKOLVWVIA

H MaOnolakn evatnta 6 £xeL:

AN NN N SN

15 oeAidec onUELWOEWV

68 dLadAaveLlEC TAPOUCLACEWVY
9 EPWTNOELC KOl ATIOVTAOELG

2 LEAETEC TTEPUTTWOEWVY

2 QOKNOELG

11 epwtioelg moANAmAWY EMAOY WV

GDPR checklist -

https://gdpr.eu/checklist,

GDPR checklist can help you secure your organization, protect
your customers' data, and avoid costly fines for non-compliance.

QO Lawful basis and transparency
1 Data security
0 Privacy rights

Lawhi basis and transparency

Mabnua 6.1: Odnyieg tng EE yia tnv Asovtoloyia otnv Mnxavikn
Mabnon



2" Emionun
2uvavtnon ‘Epyou

* H 2" grmmionun ocuvavrnon £€pyou

TTpaypaTotroionke dladIKTUaKA (AOYw TNG
TTavonuiag) oTic 23 MaprTiou Tou 2021. Katd Tn
dIdpKEIa TNG ouvAvTnong, oulnTienkav Ta
geupupaTa arrd Tnv dlEupelvnon TG ayopdg
EpPyaoiag ava@opikd pe 0e€10TNTEG MNXAVIKNG
MaBnong kal TTapoucidoTnKav Ta Hadnoiakd
atroteAéopata. Ol €Taipol TNG KOIVOTTPAEiag
gixav €1Tiong TNV €uKkalpia va oxedIAoOUV aTTo
KOIVOU Ta €TTOMEVA BriuaTa UAOTTOINONG TOU
€PYOU Kal va BEoouv TIG TTPOCOOKIES YIa TA
ETTOMEVA TTAPAOOTEQ/ATTOTEAEUATA.

H eméuevn ouvavinon Ba mrpaypartotroinbei
o1adIkTUaKA TNV Tpitn 2 NoguBpiou Tou 2021.

The methodology

» 02 - T1 includes also the delivery of a methodology for the validation of MACHINA
learning outcomes acquired in both formal & non-formal settings.

The methodology will prescribe
a) assessment processes (MCQ tests or/and practical examination) and examination
materials (pool of questions/exercises of the same proficiency level regularly updated
and randomly selected) I
b) recommend certified qualification bodies to host validation procedures, and
c) define the processes (MoU, learning agreement) for the recognition, transfer &
accumulation of learning outcomes between E&T providers.
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DS MACHINA

Epyaoiec 3ou e€apnivou

06nyieg voB<tnong

OAokAnpwon tou Avantuén

Avarmntuén

. KOlL EVOWHATWONG . npocOetou
TLPOYPAHLLOTOG . Stadiktuakou .
, , TWV EKMALSEVTIKWV , KOS EVTLKOU
OOV WV Kait Avantuén , , padnupatog og .
. , TOPWV TOU £pYyOU OE , UAWKoU yLa To
61aBeon twv eyxelpdiov yua , popdpn MOOC oe .
. , vdlotapeva , . SLadKTUaKO padnpa
OLVOLKTWV EKTIOLOEUTEC , OAEG TIG YAWOOEG TNG . \
. TPOYPALaT , (videos, acknoeLg,
EKMALOEUTIKWV . , kowonpagiag (FR, EL, X
\ onouvdwv otov kKAado TILOTOTOLNTLKO
nopwv <oV TME IT, ES, RO)

cuppetoxrg)
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https://www.univ-lyon1.fr/
https://www.geeksacademy.it/en-en/index.aspx
https://www.edu.ro/ANC
https://exelia.gr/
https://www.l3s.de/en

EMIKOINQNIA:

YrieuBuvocg Erikovwviog: Aloviolog Z0AwWNOC
Opyoaviopoc: EXELIA EE

Email: solomos@exelia.gr
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* AkoAouBnote pog:

To oxedblo auto xpnpatodotnbnke pe tnv umootnpen tng Evpwrnaikng Emttponnc. H mapovoa
dnuooisuvon (avakoivwon) Seopevel LOVO TOV CUVTAKTN TNG KAl n Emtpomnry ev euBuveTal yia
TUXOV XpNon Twv MANPodopLWV TTOU TIEPLEXOVTOL OE QLUTAV.

Erasmus-+


https://www.facebook.com/MACHINA.ml.project
https://www.linkedin.com/company/machina-project/?viewAsMember=true
https://twitter.com/MACHINA41729797

